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Abstract

Nowadays, generating faces and face image editing have been an attractive
topic. However, there are still two models for face generation and
adjustment. In this work, we develop a model based on DCGAN]1], added
Auto-Encoder, which can generate facial images and adjust the target
attributes according to the updated description in the image space. In our
experiments, it is demonstrated that our model can generate plausible

images of faces from attributes and be adjusted by the modify condition.

key words: facial images generating, facial attribute editing, GAN
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